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Abstract: Concrete and cement-based materials inherently possess an autogenous self-healing capac-
ity. Despite the huge amount of literature on the topic, self-healing concepts still fail to consistently
enter design strategies able to effectively quantify their benefits on structural performance. This study
aims to develop quantitative relationships through statistical models and artificial neural network
(ANN) by establishing a correlation between the mix proportions, exposure type and time, and width
of the initial crack against suitably defined self-healing indices (SHI), quantifying the recovery of
material performance. Furthermore, it is intended to pave the way towards consistent incorporation
of self-healing concepts into durability-based design approaches for reinforced concrete structures,
aimed at quantifying, with reliable confidence, the benefits in terms of slower degradation of the
structural performance and extension of the service lifespan. It has been observed that the exposure
type, crack width and presence of healing stimulators such as crystalline admixtures has the most
significant effect on enhancing SHI and hence self-healing efficiency. However, other parameters,
such as the amount of fibers and Supplementary Cementitious Materials have less impact on the
autogenous self-healing. The study proposes, through suitably built design charts and ANN analysis,
a straightforward input—-output model to quickly predict and evaluate, and hence “design”, the
self-healing efficiency of cement-based materials.

Keywords: artificial neural network; self-healing concrete; meta-analysis; systematic review

1. Introduction

Cementitious materials undergo the natural process of autogenous healing that is total
or partial self-closure of cracks. The closure of these cracks subsequently results in partial
regaining of concrete initial strength as well as improving the durability performance. In
1973, tests were performed on cement mortars used for the lining of iron water pipes, to
study the autogenous self-healing under the pipe service water as well as non-service water
conditions [1]. The study reported substantial self-healing in both cases, whereas the latter
mentioned exposure condition showed a slightly better rate of healing. Correspondingly,
several old structures, bridges, as well as buildings have shown exceptional durability,
resulting in unpredicted longevity [2,3]. This behavior has been contributed to by the
autogenous self-healing property of concrete.

1.1. Mechanism of Autogenous Self-Healing of Concrete

Several self-healing mechanisms and their efficacy have been investigated to promote
the self-healing properties of concrete. These mechanisms include are continuing hydration,
dissolution and crystallization, particle clogging, and carbonation [4]. The process of
continuing hydration in autogenous healing is a principal step in recovering the mechanical
properties as the newly formed hydrated products have similar strength properties as the
calcium silicate hydrate (CSH) gel. The microstructural characterization of healed concrete
through SEM-EDX analysis shows the presence of CSH, ettringite, and calcium hydroxide
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(Ca(OH),) in healed cracks [5]. Based on the mechanism of autogenous self-healing of
cementitious material, several parameters have been determined that influence the rate
of self-healing. Crack width, mix design, fiber content, together with treatment duration,
and environmental exposure conditions are the most significant variables that affect the
self-healing of concrete [6].

1.2. Crack Width

The autogenous healing is more effective when the cracks are smaller. As a result, the
autogenous, inherent healing capability of cement-based materials may be significantly
enhanced by restricting and regulating the fracture width. In this respect, many studies
have been done to determine the relationship between performance recovery rate and
initial crack width for different types of concrete. For high performance concrete (HPC)
with fly ash, micro-silica, and water-reducing agent, a logarithmic relation was obtained
between the normalized flow rate recovery and time of exposure. It was observed that for
larger cracks, the permeability was increasing at a higher rate. The experimental results
were also in close agreement with the law of Hagen—Poiseuille [7]. Furthermore, cracks
can function as water storage as well as carriers across the binder matrix, collecting water
during wet phases of wet/dry loops and expelling it during dry times, therefore triggering
the ongoing hydration as well as carbonation processes essential for crack healing [6].

1.3. Admixture

The addition of supplementary cementitious materials (SCM) and crystalline admix-
ture (CA) can additionally improve the rate and efficiency of self-healing as a “stimulated-
autogenous healing” approach. The partial substitution of cement with fly ash along with
the addition of crystalline admixture can lead to a recovery of both compressive strength
and electrical resistivity of concrete up to 94% [8]. It was observed that after 30 days of
water curing, a sample containing a high volume of fly ash regained 74% of the loss of the
compressive strength, whereas samples without fly ash regained only 68%. Furthermore,
more pronounced improvements were observed in permeability analysis [9]. Similarly, a
crack healing rate of around 81% to 93% was reported for concrete containing CA. On the
other hand, the specimens without CA exhibited a crack healing rate of 80-86%. Cracks
with a width up 0.25 mm were healed in the specimens containing CA [10]. The attempts
have been further made to review the mechanisms of healing stimulation by crystalline
admixtures [11].

1.4. Fibers and Polymers

Polymers are widely used to enhance the self-healing of concrete either by encapsula-
tion method, vascular method, or by directly injecting the polymers into the crack. Some of
these polymers are polyurethane, superabsorbent polymers (SAP), acrylamide, acrylate,
epoxy, poly styrene-divinylbenzene, styrene-butadiene rubber, etc. The inclusion of these
polymers improves the regain ratio of mechanical properties and increases the surface
crack healing [12].

Numerous experiments, as well as studies, have also been conducted on the concrete
reinforced with synthetic fibers and steel fibers. The fibers control the opening of the cracks
that make self-healing products to easily attach to the surface of the cracks and fill them.
Permeability tests and microstructural characterization of the engineered cementitious
composite (ECC) containing different synthetic fibers, like polypropylene (PP), ethylene
vinyl alcohol (EVA), and poly-vinyl acrylate (PVA), have been performed. The study con-
cluded that the precipitation of calcium carbonate potentially increases with the inclusion
of synthetic fibers [13], fibers acting, thanks to the nature of their surface, as nucleation
sites for the precipitation of crack healing products. A similar result was obtained by a
study dealing with concrete containing PVA microfibers and SAP [14].
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1.5. Treatment Environment and Period of Exposure

The environment and the time of exposure have been varied by different researchers
to either optimize the treatment condition for concrete under investigation or to investigate
the effect of the intended field of investigation. Some of these treatment conditions are
tap/distilled water curing at a different temperature, air chambers with controlled relative
humidity (RH) and temperature, wet/dry cycle, freeze/thaw cycles, etc. [15]. In the case of
ECCs, the mechanical regain was also investigated, resulting, e.g., after 90 days of water
immersion, in a 60% and 70% regain of stiffness and tensile strength, respectively [16]. The
results always showed that the presence of water or high humidity is essential for the rapid
and effective healing of the concrete. In addition to the conditioning environment, the
duration of treatment is also an essential parameter, continuation of the healing capacity
up to longer ages, though with slower rate, having been documented [15].

Similarly, ultra high-performance (or fiber-reinforced) concretes (UHPC/UHPFRC)
materials, due to their mix composition, featuring a high binder content and a low wa-
ter/binder ratio [17-19], have also been identified as highly conducive to exhibit autoge-
nous self-healing capacity, also thanks to their ability to spread and control the damage
through small crack width, which works as an excellent governing parameter for self-
healing in the presence of water, promoting the delayed hydration of the available substan-
tial amounts of unhydrated binder, and with the presence of the seal healing promoters
as well [20-26].

1.6. Systematic Review and Meta-Analysis

It is evident from the literature that several factors influence the efficiency of self-
healing, which makes the systematic review of research the best supporting evidence.
However, this form of review must be supported by statistical mathematical tools like
meta-data analysis. This form of analysis is quite common in evidence-based healthcare
research. Multiple clinical trials are performed by different labs, and the results are publicly
filed. The systematic reviews summarize the results of different labs with several statistical
parameters. The first systematic review was performed in 1747 by James Lind to find the
optimum treatment of scurvy [27].

In the field of cement-based construction materials, a few systematic reviews have been
performed. Moreover, meta-data analyses are rarer in the same field. A recent systematic
review has been done to study the effect of fly-ash replacement in high volume fly-ash
concrete (HVFAC) [28]. In this study, the mechanical and durability properties of HVFAC
of different mix designs were numerically compared. However, the study was limited
to the numerical presentation of the values of flexural strength, compressive strength,
splitting tensile strength, and elasticity modulus. The meta-data analysis was not carried
out. Similarly, the effects of recycled fibers of different types on the mechanical, durability,
and physical properties of concrete have been investigated using a systematic review. The
effect of plastic, metal, and natural fibers on the performance of different cementitious
matrices was analyzed. The effect of variables on self-healing was qualitatively compared,
but the correlation of data was not developed by any mathematical model [29].

A meta-analysis study has been done, where the parameters of mix-design of self-
consolidating concrete have been related to fresh state parameters of concrete [30]. In
this study, the meta-analysis has been performed by determining the collected variables
as input and output data. The amount of cement, water content, amount of SCM, and
aggregate size were taken as input data. On the other hand, the results from slump-flow
tests were taken as output data. The multiple linear regression was performed to study the
impact of input variables on the output variables.

1.7. Artificial Neural Network (ANN) Model

On a separate note, new predictive models are being developed to determine the
properties of concrete in the rapidly evolving concrete industry. The existing models
for predicting the durability and mechanical properties of different types of concrete
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are usually based on empirical formulations. These formulations are obtained through
linear or nonlinear best fitting models developed from the experimental data. In recent
studies, neural networks have been used extensively for predicting the durability and
mechanical parameters of the cement-based systems, also exploiting the extensive datasets
created by researchers, based on the experimental data or the existing literature review. For
instance, the durability of RC concrete was predicted using ANN models by analyzing the
deterioration of the concrete samples using accelerated chloride tests. The researchers used
around 250 points to analyze the influence of cement type, period of exposure, amount of
SCM, and the w/b ratio on the chloride penetration in the concrete specimens [31].

In a separate study, the compressive strength of geopolymer concrete has been pre-
dicted based on the mix design and the age of specimen. The 70:15:15 ratio of total data has
been used for training, validation, and testing of the model. The total number of data points
considered in the study were 117. The correlation coefficient, R, was lying in the range of
0.95-0.96. The results were also compared with the Gene Expression Programming (GEP)
model, another type of computational model. It was shown that ANN model performed
better than the classic regression model [32].

1.8. Study Objective

A substantial study and review have been carried out on autogenous healing of
different cement-based materials. The construction industry is interested in concrete that
does not decay; however, further research is needed to perform the standardization and
codification of the existing findings. The contractors and owners globally, depend on the
local national codes for infrastructure construction. With the present-day understanding
of the self-healing of concrete, a huge proportion of these contractors may not take the
risk of promising repair-free concrete. Therefore, more quantitative proofs, depending on
multiple studies, correlating the several involved factors to the self-healing of concrete
must be provided.

One way of supporting this activity is to carry out a state-of-the-art quantitative study
that unifies the observations of numerous studies on an individual scale through data-
mining and statistical models. This study will lay down a comparison and present in a
quantitative way the effect of numerous parameters on the autogenous self-healing of ce-
mentitious material. The first objective is to determine the factors affecting the autogenous
self-healing of concrete by analyzing multiple existing literatures. It is then followed by
developing a meta-data statistical model determining the impact as well as the reliability of
these factors on the self-healing property. Finally, an ANN model is to develop to present
a robust simulation model to predict the self-healing capacity of different cementitious
materials on a uniform scale.

2. Methodology

The relevant data has been collected from numerous peer-reviewed articles. “Sci-
enceDirect” was a major scientific database to collect the relevant articles, journals, and
book chapters. In the initial survey, 236 papers related to the self-healing capacity of
concrete were analyzed. However, based on the required data, several papers were later
removed because of the inadequacy or incompleteness of the data provided. The total
number of relevant papers collected for both meta-analysis is 100. The distribution of the
timeline of publications is presented in Figure 1. It can be observed that half of the papers
have been published between 2018 and 2021. The total number of data points obtained
from the collected literature was 2786.
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Figure 1. Distribution of timeline of publication of relevant studies.

The input parameters collected from each of these studies are the dosage of cement
(kg/m?) and of supplementary cementitious materials (SCM) (kg/m?), fiber type and
content (%vol), water/cement ratio, crack width (um), age of treatment (days), and self-
healing environment. The parameters collected as output are relevant results of the self-
healing characterization test and geometrical closure of cracks. The relevant results are
then converted into “Self-Healing Indices” (SHI) to maintain the consistency of results.
These parameters for different tests are determined according to the experiment and the
initial data. The values are being normalized to 1.0 by simple mathematical manipulations.
The formulas of self-healing indices for several experiments are presented in Table 1.

Table 1. Self-healing indices formulas for different experiments.

S. No. Experiments Parameters Formulas
1 Crack Size w; = initial width & wy = final width (w; —wg)/w;
2 Permeability Test Q; = initial flow & Q = final flow (Qi—Qf)/Qi
. . Uy, = UPV of healed sample & B
3 Ultrasonic Pulse Velocity (UPV) Test U, = UPV of cracked sample (U, —ue)/uy
4 Mechanical Strength M, = Strength of healed sample & (M, — Mc)/ My,

M, = Strength of cracked sample

The self-healing indices have then been used to develop forest plots. A forest plot is a
graph that displays results from several studies. The inference of the forest plot is a dia-
mond that represents the result of a meta-analysis of the considered studies. The position of
the diamond represents Cohen’s d-value (effect size), and its width represents the 95% con-
fidence interval (CI). The mean and standard deviations of SHI values are used to calculate
the margin of error (MoE) (Equation (1)) and Cohen’s d-value (Equations (2) and (3)) [33].
The Cohen’s d-value is used to represent the magnitude of the effect of the certain parame-
ter under analysis. The meta-analysis results of the various comparison will be shown in
terms of Cohen'’s d-value and MoE.

SHI,
VN

where, SH I;eq, is mean, SH L, is the standard deviation, z is Z-value (i.e., 1.96 for 95% CI),
and N is the sample size.

MOE = 0.5 % (SHIyean + 2 ) 1)

d= (SHll,mean - SHI2,mean)/SHIsd,p) (2)
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where ‘d’" is Cohen’s d, SHIj jyeqn and SHI 00, are mean of SHI of two data-sets, and
SH]I4,p is pooled standard deviation.

Ny — 1)SHI, ;2 N> —1)SHI, .42
SHIsd,p:\/( 1—1) 15d> + (N2 —1)SHIp 4 3)

(N1 =1) + (N2 = 1)

where, SHI; ;4 and SHI, 4 are standard deviations of two data-sets and N; and N, are a
sample size of two data sets.

The relative importance analysis has been carried out from the collected dataset to
calculate the importance percentage of total cementitious material, water to cement content,
crack width, age of healing, and fiber content in determining the self-healing index of
concrete. Tonidandel and LeBreton’s method has been used to calculate the relative weight
percentage [34]. The technique is an alternative to multi-regression analysis and considers
the problem of multicollinearity. This analysis breaks down the overall variance projected
by a regression model into the weights that correctly reflect the proportionate impact of
each predictor component. The method helps to lay out the importance rank of the variable
based on their contribution to R-squared [35]. The analysis was performed in R using
the open-source ‘rwa()’ package developed by Tonidandel [34]. The input parameters
considered were the fiber content (%vol), age of healing (days), crack width (um), w/c, and
total cementitious material (kg/ m?) (TCM). The relative importance analysis was carried
out against the output of SHI.

Furthermore, based on the collected data, optimization charts have been developed
for optimized design concerning the self-healing capacity of cementitious material. The
Delaunay triangulation has been implemented to evaluate the interpolated values of SHI
to generate the contour lines. Delaunay triangulation is used as an optimal method to
generate a linear interpolation function that can be used to reconstruct the functional
approximation in three-dimensional space. The Delaunay triangulation is applied to the
pair of chosen parameters (like cement content, crack width, etc.) and linear interpolation
functions are constructed based on the value of response (SHI) [36]. The charts are prepared
in MATLAB (v9.5, R2018b) using the ‘scatteredinterpolant’ function. Furthermore, to have
clean contour plots with uniform gaps in SHI value, the MATLAB generated charts are
traced in AutoCAD (2017) manually.

For ANN analysis, a back-propagation network has been developed in this study. A
single-layer feed-forward neural network has been developed. In this network, the output
and hidden layers are associated with biases. The training of data is performed by the
method of supervised learning in this algorithm. The predicted output values are compared
with the provided outputs and the associated error is calculated. The weights and biases of
each neural network are adjusted based on this error. This process is iteratively carried out
until the error is below the desired value or the maximum number of iterations is reached.

In this ANN model, six input variables have been taken into consideration, i.e., cement
dosage (kg/ m3), SCM dosage (kg/ m?), fiber content (%vol), w/c ratio, crack width (um),
and age of treatment (days). The output variable is SHI. The ANN architecture is presented
in Figure 2. During preliminary analysis, firstly, the data corresponding to cases where
crack size and age of treatment have not been provided were eliminated. Secondly, the
outliers in the data have been detected as elements that are farther than three standard
deviations from the mean. MATLAB function “rmoutliers” has been used to remove the
outliers. The ANN analysis is carried out using MATLAB “nntool”.

The ANN model has been optimized in terms of several parameters. In this study,
the ratio of training to validation to testing subset has been chosen as 0.7:0.15:0.15 [32,37].
The weights are calculated repetitively until they become constant for each cycle. The
varied parameters are adaptation learning functions, the number of neurons, and activation
function. The optimization algorithm of the backpropagation network used in this study is
Levenberg-Marquardt (LM) Algorithm. The least-square non-linear curve fitting problems
are solved by the LM algorithm, hence also called a damped least-square method. This
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algorithm is robust in terms of error coping during the execution of the model. This
algorithm is used in MATLAB to solve curve-fitting problems [38].

Two adaptation learning functions provided by MATLAB are considered in this study.
These two functions are “learngd” and “learngdm”. The “learngd” is the gradient descent
(GD) weight and bias learning function while “learngdm” is the gradient descent with
momentum (GDM) weight and bias learning function. As the study is preliminary, the
number of hidden layers is kept at 1.0 and the number of neurons is varied from 1.0 to 30.
The hyperbolic tangent and log-sigmoid functions are used as two activation functions in
the neural network model as the only choices provided in MATLAB.

awnjop aiqi4

Input Layer € RS

— . oneia/m

277
20:07
< P

AL
G “g'fl»

:‘
23
K&

Hidden Layer € R'®

Output Layer € R’

Figure 2. The architecture of the ANN model.

3. Results and Discussions
3.1. Meta-Data Analysis

Based on the literature review, most of the researchers have investigated the effects
of different parameters on the self-healing efficiency and since the data mining analysis is
based on the accumulations of the existing study parameters and their effects, the focus
has been kept on the effect of the most common studied parameters including crack size,
healing time and environment, presence of admixture, and presence of fibers. The meta-
data analysis presents the effect of each parameter on the SHI as well as yields confidence
on the effect of the parameter on the analyzed SHI
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3.1.1. Crack Size

A multitude of research has been carried out on the effect of crack size on the self-
healing efficiency of concrete. Following the gathering of relevant data and preliminary
inspection, the whole range of crack sizes is distributed in a certain range. The argu-
ment in this study is the self-healing efficiency of cracks “less than equal to ‘X’ pm” and
“greater than ‘X’ um”. ACI 224R-01 suggests the maximum allowable crack in the range of
100-250 micron for a different type of environment [39]. Hence, the three values of "X’ are
considered in the given range provided by ACI 224R-01, i.e., 75 pm, 150 pm, and 225 pm.
The three ranges assist to analyze the rate of healing with the size of the crack. The meta-
analyses of three different arguments are shown in Figures 3-5. It should be noted that the
negative “d-value” on scale presents “less than equal to "X’ pm” and “positive d-value”
represents “greater than ‘X’ um” case. The total number of relevant studies considered are
16, 13, and 11, for the ‘X’ value of 75 um, 150 um, and 225 pm, respectively. It is visually
clear from the forest plots that the self-healing efficiency of smaller cracks is better than the
bigger cracks. The average “d-value” is —0.2203, which shows the faster rate of healing
for the smaller crack in all the cases. It is also evident that the absolute value of Cohen’s d
is increasing with the increase in the value of ‘X’. The d-coefficient, as defined earlier, is
proportional to the difference in mean values from two opposing arguments.

Therefore, it is evident that the difference between SHI increases with the increase in
crack size with the difference between average SHI for cracks “less than equal to 225 pm”
and “greater than 225 um” being largest. Furthermore, it can be noticed that the difference
in d-value is also increasing with the crack size. Therefore, this result quantitatively infers
that the SHI value decreases at a faster rate with the increase in crack size.

The MoE values are of the same order for all three studies showing the equal similar
variance in data for three analyses. The average value of the diamond ratio is calculated as
2.61, which shows the presence of heterogeneity in data collected from different studies.
This can be attributed to the variation of other parameters, that aspect of the self-healing
efficiency of concrete, among multiple studies.

] Less than 75 micron | Greater than 75 micron Cohen's d-value

Study/Comparison
Meanl SD1 N1 Mean2 SD2 N2 |10 0.8 06 04 02 00 02 04

Nguyen 2020 0.797 0.183 9 0561 0279 18 ——t—r—to—o———~io———=t gl
Suleiman 2018 0.4705 0.45 10 0.243 0.365 20 O
Nguyen 2018 0.5089 0.383 7 0.3558 0.24 14 g
Xu 2018 0.6643 0.3544 7 0.0063 0.017 g &
Medjig 2018 0.6687 0.1863 7 0.6255 0.123 =
In 2013 0.5998 (0.06805 22 05742 0.1084 22 =
Mircea 2020 0.5294 0.2 16 0.4328 0.1 16 D |:
Zhang 2020 0.6667 0.2867 3 01817 0.108 5} o
Ruan 2020 1.0347 0.0841 44 (0.9705 0.1019 40 |:|
Mehdi 2018 0.7775 0.3351 12 0.3714 0.3828 28 o
Qiu 2016 0.2567 0.1467 6 0.2017 0.123 5} ]
Snoeck 2015 0.8286 0.1828 7 019 0.1403 18 ]
Reinhardt 2003 0.7101 0.2988 32 0.579 0.3181 58 I:‘
Wiktor 2011 0.8335 0.3891 12 0.5507 0.3299 656 Ol
Yildirim 2016 0.361 0.346 12 0.3253 0.328 42 Ol
Zhang 2014 0.7368 (0.1042 6 0.6989 0.0959 12 l:‘
Abs d-value 0.2047 Mean Average of SHI .’
MoE 0.0862 SD Standard Dev. of SHI
Diamond Ratio 3.37 N Sample size

Figure 3. The comparison of self-healing of cracks less than and greater than 75 microns.
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] Less than 150 micron |Greater than 150 micron Cohen's d-value
Study/Comparison
Meanl SD1 N1 Mean2 SD2 N2 -1.0 08 06 -0.4 -0.2 00 02
Nguyen 2020 0.6898 0.22 18 0.5393 0.3744 ] e E—
Suleiman 2018 0.4705 0.45 10 0.243 0.365 20 O
Nguyen 2018 0.4619 0.323 14 0.2968 0.2069 7 O
Xu 2018 0.5875 0.293 8 0.0454 0.01 8 o
Zhang 2020 0.445 0.315 6 0.14 0.075 3 o
Liu 2019 0.82 0.236 8 0.567 0.234 8 -
Mehdi 2018 0.6146 0.395 24 0.3112 0.3746 16 o
Snoeck 2015 0.5871 0.2838 14 0.1007 0.0891 11
Reinhardt 2003 0.686 0.2958 60 0.5223 0.3168 29 =
Tomczak 2018 0.379 0.1729 17 0.3725 0.1405 22 &
Wiktor 2011 0.7074 0.3411 106 0.5272 0.3237 582 O
Sisom 2012 0.8164 0.2741 64 0.5474 0.313 264 |::|
Zhang 2014 0.7231 0.0939 14 0.6713 0.1131 4 |:|
=
O
Abs d—value 0.2158 Mean Average of SHI ’
MoE 0.0805 SD Standard Dev. of SHI
Diamond Ratio 2.19 N Sample size
Figure 4. The comparison of self-healing of cracks less than and greater than 150 microns.
] Less than 225 micron |Greater than 225 micron Cohen's d-value
Study/Comparison
Meanl SD1 N1 Mean2 SD2 N2 |-10 -08 06 -0.4 02 00 02 04
Suleiman 2018 0.444 044 20 00674 0043 10| el
Park 2018 0.993 0.0098 2 07263 0.2745 5 O
Xu 2018 0.5875 0.393 8 0.0454 0.01 g -
Liu 2019 0.82 0.236 8 0.587 0.234 g
Mehdi 2018 0.6161 0.393 28 0.2067 0.3011 12 g
Snoeck 2015 0.4377 0.31s4 21  0.017 00246 g &
Wiktor 2011 0.6389 0.3292 235 0.5107 03285 433 O
Sisom 2012 0.7342 0.3083 164 0.4656 0.2803 164 o
Zhang 2014 0.7278 0.0884 16 0.5822 0.0797 2
Maes 2016 0.4785 0.2408 14 0.4085 0.243 14 D
Chind 2020 0.849 0.1383 7 07079 0.1883 4 I:‘
O
O
Abs d—value 0.2406 Mean Average of SHI
MoE 0.0788 sD Standard Dev. of SHI
Diamond Ratio 2.26 N Sample size

Figure 5. The comparison of self-healing of cracks less than and greater than 225 microns.

3.1.2. Healing Period

The effect of the healing period on self-healing is the most researched parameter on
the self-healing efficiency of cement-based materials. The self-healing time has been varied
from few hours to 1 year and even more depending on the employed healing technology.
However, most studies focus on the healing period of 3 days to 90 days. Imitating the
same steps as in the case of cracks, the overall range of healing time has been divided by
three values based on the observations from multiple studies. The opposing arguments
will be the self-healing capacity of concrete treated for “less than or equal to ‘X" days” and
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“greater than ‘X’ days”. The three values of ‘X’ chosen are 7 days, 28 days, and 56 days. The
meta-analyses of three different arguments are shown in Figures 6-8. It should be noted
that the “negative d-value” on the scale presents “less than equal to ‘X" days” and “positive
d-value” represents “greater than ‘X’ days” case. The total number of relevant studies

considered are 28, 25, and 18, for ‘X’ value of 7 days, 28 days, and 56 days, respectively.

Study/Comparison Less than 7 days | More than 7 days Cohen's d-value
Meanl SD1 N1 Mean2 SD2 N2 02 0.0 02 04 08 08 10

Alghamri 2020 0.386 0.2182 5 0.68 0.2329 10[ L L . . |

Park 2018 0.2723 0.2334 23 04872 0.2428 33

Nguyen 2018 0.1956 0.1181 6 0.6143 0.1886 12 & m

In 2013 0.5228 0.1401 12 0.8114 0.1341 120 I:‘

Su 2020 0.2 0104 10 0.328 0.12 20 E

Ruan 2020 0.9429 0.1073 42 1.0438 0.0567 24

Wang 2020 0.29 0.1322 4 0.6063 0.1575 8 Dl:‘

Zhu 2020 0.8467 0.1028 12 0.935 0.0896 O

Kim 2018 0.0733 0.0427 6 0.2006 0.0773 48 = -

Liu 2019 0.38 0.1236 4 0.8 0.1987 12 D

Zha 2018 0.295 0.1389 4 0665 0.3335 12

Park 2018 0.5183 0.3982 12 0.965 0.0412 4

He 2018 0.0351 0.0244 3 0.2095 01031 4 @

Zhang 2018 0.1733 0.0702 3 0.5144 0.1746 9

Kjiang 2019 0.4908 0.2866 12 0.7967 0.2047 12 &

Jiang 2015 0.2438 0.0847 8 0.4513 0.1956 16 D

Reinhardt 2003 0711 0.1831 38 0.9222 0.0562 24 [:Ij

Zhang 2017 0.6829 0.2238 18 0.8925 0.1316 20

Ma 2014 0.6373 0.2178 18 0.9544 0.0708 36 D

Tomczak 2018 0.2697 0.4185 24 04185 01275 16 O

Sidig 2019 0.2483 0.3127 4 (0.5679 0.1336 6

Sisom 2012 0.4011 0.269 164 0.7987 0.2409 164 -

Feng 2019 0.38398 0.1177 8 04223 0.2079 38

Granger 2007 0.4825 0.0372 2 0.4847 0.0631 8

Maes 2016 0.2093 0.106 8 0.5372 0.213 20

Chind 2020 0.3973 0.1798 22 0.7168 0.1543 76

Wang 2019 0.1232 0.0e27 9 0.1955 0.0498 5

Deng 2018 0.7067 0.2119 18 0.9705 0.0515 27

Abs d—value 0.2187 Mean Average of SHI

MoE 0.0499 sD Standard Dev. of SHI

Diamond Ratio 3.05 N Sample size

Figure 6. The comparison of self-healing of cracks less than and greater than 7 days.

It can be observed in the forest plots that the self-healing efficiency for a longer healing
time is better than for shorter periods. The average “d-value” is 0.2068, which shows the
faster rate of healing for a longer amount of treatment time. It is also evident that the
d-value is decreasing with the increase in the value of "X’. It is inferred that the difference
between SHI decreases with the increase in the healing period with the difference between
average SHI for the period of “less than equal to 7 days” and “greater than 7 days” being
largest. Furthermore, it can be noticed that the difference in d-value is also increasing with
the healing period. Therefore, this result quantitatively suggests that the rate of healing
decreases with an increase in the healing period. The healing rate is higher in the early
stage, as autogenous healing happens predominantly in the first 28 days.

The average value of the diamond ratio is calculated as 3.11, which shows the presence
of heterogeneity in data collected from different studies. The reasons have been explained
in the previous section. It is also evident from the average “d-value” that the significance
of the effect of crack size is like the effect of the healing period on the self-healing capacity
of concrete.
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. Less than 28 days More than 28 days Cohen's d-value
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Abs d-value 0.2109 Mean Average of SHI
MoE 636 sSD Standard Dev. of SHI
Diamond Ratio 3.08 N Sample size
Figure 7. The comparison of self-healing of cracks less than and greater than 28 days.
Study/Comparison Less than 56 days | More than 56 days Cohen's d-value
Meanl SD1 N1 Mean2 SD2 N2 04 02 0.0 0.2 0.4 06 08
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Figure 8. The comparison of self-healing of cracks less than and greater than 56 days.
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3.1.3. Crystalline Admixtures

In this study, the effect of SCM and the effect of crystalline admixtures (CA) have
been studied separately. In both the studies, the opposing arguments are the self-healing
capacity of concrete “without admixture” and “with admixture”. The meta-analysis of two
different admixtures are shown in Figures 9 and 10. It should be noted that the negative
“d-value” on scale represents “without admixture” and positive “d-value” represents the
“with admixture” case. The total number of relevant studies considered are 14 and 15, for

mineral and chemical admixture, respectively.

_ Without SCM__ | With SCM Cohen's d-value
Study/Comparison
Meanl SD1 N1 Mean2 SD2 N2 -08 -06 -0.4 -0.2 00 02 04 06 08
Su 2020 0.7567 0.0723 3 082 00514 2| et
Park 2018 0.1824 0.0963 9 (04283 02211 33 &
In 2013 0.5857 0131 44 06121 01391 28 O
Saleh 2020 0.08 0.0424 2 0.2533 01421 5} ]
Xue 2021 0.2871 0.2211 24 0.52 0.3428 12 o
Li 2020 0.8906 0.072 8 0.9647 0.049 16 m|
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Zhang 2020 0.32 0.2707 3 0.19 0.182 3 =
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Park 2018 0.7 0.2107 3 08733 013 3 a|
Darq 2016 0.705 0.0252 4 0.825 0.0354 2 =
Siad 2015 0.7941 0.2352 9 (0.7055 0.2637 27 D
Qiu 2016 0.24 0.3291 6 0.2889 01074 9 =
Chind 2020 0.5946 0.1505 8 06273 02104 80 =
0O
Abs d-value 0.0811 Mean Average of SHI .
MoE 0.0391 sD Standard Dev. of SHI
Diamond Ratio 163 N Sample size
Figure 9. The effect of SCM on the self-healing capacity of concrete.
- Without CA | With CA Cohen's d-value
Study/Comparison
Meanl SD1 N1 Mean2 SD2 N2 -1.0 -05 00 05 1.0 15
Nguyen 2020 0.2485 0.152 2 0.6043 0.0364 3| —————— e —
Alghamri 2020 0.2667 0.1405 3 0.6582 0.2353 11 =
Litina 2020 0.1633 0.0539 3 0.235 0.0919 4 o
Roig-F 2015 0.32 0.6293 4 0.53 0.396 4 O
Park 2018 0.1824 (0.0963 9 0505 03313 13 °
Xue 2021 0.2383 0.1823 12 0.4423 03233 22 &
Li 2020 0.5231 0.3338 8 0.9638 0.0437 8 &
Zhang 2020 0.32 0.2707 0.52 0.3969 3 =
Wang 2020 0.4293 0.2664 14 0.78 0.3457 14 8
Zha 2018 0.1425 0.0435 0.7158 0.2523 12 0
Park 2018 0.7 0.2107 3 0.9167 0.0907 3 =
Jiang 2019 0.427 0.2321 10 0957 02473 10 =
Azarsa 2019 0.8174 0.157 63 0.8994 0.1627 64 &
Roig-F 2016 0.8324 (0.2119 153 0.8335 02184 151 D
Sisom 2012 0.513 0.2998 64 0.6209 0.326 264 []D
Abs d-value 0.2275 Mean Average of SHI ’
MoE 0.0831 sD Standard Dev. of SHI
Diamond Ratio 2.81 N Sample size
Figure 10. The effect of crystalline admixture (CA) on the self-healing capacity of concrete.
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The forest plots show that the self-healing efficiency of concrete containing the ad-
mixtures is higher than for concrete without the presence of admixtures. The d-value for
analysis with SCM and CA are 0.0811 and 0.2275, respectively. This striking difference
between these two values shows the upper hand of crystalline admixtures on improving
the self-healing capacity of concrete. The presence of CA in the concrete mix design is a
significant factor equivalent to, if not more than, the crack size and healing period. A very
low d-value infers the improvement of SHI with the inclusion of SCM; however, its effect
is not as significant compared to the presence of CA. The average value of the diamond
ratio is calculated as 2.22, which shows the presence of heterogeneity in data collected from
different studies. The reasons have been explained in the previous sections.

3.1.4. Healing Environment

The healing environment significantly influences the self-healing efficiency of concrete.
The studies have been carried out with different treatment conditions, such as complete
water immersion, wet/dry cycles, sea-water exposure, humid chamber, air curing, natural
weathering, etc. However, two of the most common methods are water immersion and
wet/dry cycles. The analyses of all the treatment conditions have not been possible due
to the lack of multiple studies. Therefore, the meta-data analysis has been carried out to
compare the effect of water curing with the effect of the wet/dry cycle on the self-healing
capacity of concrete.

The two arguments in this study are “Water immersion” and “Wet/Dry cycle”. The
meta-analysis has been presented in Figure 11. The positive d-value supports the wet/dry
cycles, and the negative value supports the complete water immersion. The total number
of studies considered is limited to 8. The forest plots show that the self-healing efficiency
of concrete incomplete water immersion is far greater than the wet/dry cycles. The d-value
for analysis is —0.2736, quite relevant if compared to all the other values obtained in the
analysis. This shows the high significance of the healing environment on the self-healing
capacity of the cementitious system, more importantly, the time of exposure to water.

Study/Comparison Water Immersion | Wet/dry Cycle Cohen's d-value
Meanl SD1 N1 Mean2 SD2 N2 |-10 08 06 -04 -0.2 00 02 04 06
Suleiman 2018 05057 042 15 00419 00293 15| ool
Tzivil 2016 0.7233 0.2011 6 0.3017 04691 6 m
Liu 2019 0.85 0.2121 4 0825 0.2363 4
Jiang 2015 0.4433 0.21%6 12 0.3208 0.1455 12 O
Maes 2014 0.927 0.0813 14 0.8151 0.1553 45
Yildirim 2018 0.7017 0.2621 36 0.2749 0.0896 36 -
Roig-F 2016 0.9003 0.1477 67 0.5397 0.257 54 |:|
Maes 2016 0.7969 0.1415 5 0.6227 0.1697 5 D
&
&
&
s
Abs d-value 2736 Mean Average of SHI
MoE 0.1234 SD Standard Dev. of SHI
Diamond Ratio 2.91 N Sample size

Figure 11. The effect of treatment environment on the self-healing capacity of concrete.

The MoE value is 0.1234, which shows a high variance in the errors, mainly due to a
smaller number of relevant studies on the same topics. The average value of the diamond
ratio is calculated as 2.91, which shows the presence of heterogeneity in data collected from
different studies. The reasons have been explained in the previous sections.
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3.1.5. Presence of Fibres

The effect of the presence of fibers on autogenous self-healing of concrete has been
explored by several researchers. The type of fibers has been varied, including PVA fibers,
PP fibers, steel fibers of different shapes, acrylic fibers, etc. However, there are not a
significant number of studies with the variation of fiber content and type. Therefore, all the
types of fiber have been grouped in a single category of fiber. The meta-analysis has been
carried out to study the effect of the presence of any fiber on the SHI of concrete.

The two arguments in this study are “Without fiber” and “With fiber”. The meta-
analysis is presented in Figure 12. The positive d-value supports the presence of fiber and
the negative value supports the absence of fibers. The total number of studies considered
is limited to 5.

] Without Fibers | With Fibers Cohen's d-value

Study/Comparison

Meanl SD1 N1 Mean2 SD2 N2 -0.4 -0.2 00 02 04 06 08
Raja 2020 0.3123 0.2767 2 04625 0.1993 s —m——rrt—
Rauf 2020 0.244 0.041 5 0.39 0.0536 9
Gupta 2020 0.6089 0.2884 9 05932 0.2134 5 o
Elmoaty 2011 0.4883 0.2019 6 0.6456 0.417 5}
Gfeng 2019 0.3928 0.1554 6 0.3955 0.1189 24 |:|

o
o
i

Abs d-value 0.1185 Mean Average of SHI
MoE 0.0957 SD Standard Dev. of SHI
Diamond Ratio 2.02 N Sample size

Figure 12. The effect of fiber’s presence on the self-healing capacity of concrete.

The forest plots show that the self-healing efficiency of concrete with the presence of
fiber is slightly better than the concrete without fiber. The d-value for analysis is 0.1185.
This is a small value compared to all the other values obtained in the analysis, highlighting
the low significance of fiber on the self-healing capacity of the cementitious system. The
MOoE value is 0.0957, which shows a high variance in the errors. This is mainly because of a
smaller number of relevant studies on the same topics. The average value of the diamond
ratio is calculated as 2.02, which shows the presence of heterogeneity in data collected from
different studies. The reasons have been explained in the previous sections.

3.1.6. Meta-Data Analysis: Comparisons

Forest plots take consideration of numerous studies to show the effect of each pa-
rameter on the SHI at a general scale. Cohen’s d-value shows the effect of parameter on
design and MoE yields the confidence on the effect of parameter on SHI. Table 2 presents
the comparison of the impact of the parameter and the confidence of the impact of each
parameter. It is relevant that the treatment condition, crystalline admixture, and crack size
have the highest influence on the SHI. However, fiber content and SCM has the lowest
impact on the SHI. The confidence ranking establishes that period of healing and cracks
size are the most reliable parameters to have an impact on the SHI of cementitious material.
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Table 2. Comparison of the impact of parameters and the corresponding confidence on their impact.

Avg. d-Value Impact Confidence

Parameter (fbsolute) Ranll,dng Average MoE Ranking
Crack Size 0.22 3 0.082 2
Period of Healing 0.207 4 0.061 1
SCM 0.081 6 0.039 5
CA 0.227 2 0.083 3
Treatment Condition 0.274 1 0.123 4
Fiber Content 0.118 5 0.096 6

It is noted that the meta-data analysis portrays that the SCM content does not impact
the SHI significantly; however, the meta-analysis only considers the presence or the absence
of SCM in the mix design. In most of the studies, cement has been replaced by a certain
percentage of SCM. Hence, the conclusion of meta-analysis is not dependable as the amount
of cement is variable during the comparison of data. Therefore, a relative importance
analysis has been carried out keeping the total cementitious material (TCM) as a parameter
to provide a better picture.

3.2. Relative Importance

The relative weight analysis is an effective method to evaluate the relative importance
of correlated parameters. Figure 13 represents the results obtained from the analysis. It
is observed that total cementitious material in concrete has the greatest influence on the
improvement of SHI, with an importance percentage of 32.7%. The crack width has a
similar influence on SHI as the amount of cementitious material with an importance factor
of 30.5%. It has also been shown through the meta-analysis that the crack width has a high
influence on the self-healing capacity of the concrete. Hence, this analysis corroborates the
result of the meta-analysis.

The age of healing and water to cement content has also a significant effect on de-
termining the SHI with an importance percentage of around 20% and 13%, respectively.
The results validate the statements made based on the meta-analysis regarding the healing
period in the previous sections of the study. Similarly, the relative importance percentage
of fiber content is lowest with a percentage of 4.1%, confirming the low d-value result from
the meta-analysis hence the low influence of the fiber content on the self-healing capacity
of concrete.

Total Cementitious Material (ke/m3) | NN 2’

Relative Importance Analysis

Crack Width (um) |, o5
Age of healing (days) | S (o

Fibre Content (%vol) | 21

0 5 10 15 20 25 30 35

Importance (%)

Figure 13. Relative importance analysis.
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3.3. Optimization Charts

The optimization charts of some of the design parameters are shown in Figures 14-19.
The influence of crack width and period of healing (immersed in water) on the SHI is
finally shown in Figure 14. The cracks smaller than 100 microns heal almost completely,
even after a short period of treatment as anticipated by several studies [40]. Furthermore,
it is observed that the rate of healing decreases notably after a period of 14 to 28 days of
treatment depending on the crack size. This can be attributed to the fact that the degree
of hydration in concrete rapidly increases until 28 days and then becomes constant [41].
Furthermore, this behavior is supported by the claims made by meta-analysis based on
numerous studies in Section 3.1.

The SHI contours for the w/c ratio and the dosage of cement (kg/m?) in concrete
are presented in Figure 15. The results obtained depend on the composition of concrete,
generally having a high w/c ratio for low-cement concrete (low-quality concrete) and vice
versa (high-performance concrete). The SHI also gets significantly influenced by other
factors like the period of healing and width of cracks. It is noticeable from the chart that
SHI increases with cement content even with low w/c ratios, which is reasonable because
this will correspond to the higher availability of un-hydrated cement for further hydration
reactions. However, the rate of increase in SHI decreases slightly with the increase in
cement content in concrete.

The effect of supplementary cementitious material on the SHI is presented in Figure 16
using cement content and the amount of total cementitious material. As anticipated, the
SHI increases with the amount of total cementitious material in concrete. However, it
can be noted that there is a peak range for SCM content for the given amount of total
cementitious material for optimum SHI. Following the peak, the increase in cement content
in total cementitious constituent is preferred for improved SHI. This can be attributed to
the thermo-chemistry of hydration reaction of the cement—fly ash blend in concrete. The
hydration reaction of fly-ash utilizes the hydration products of cement, namely the calcium
hydroxide to produce new calcium silicate hydrates [42]. Hence, the low amount of cement
in the blend results in a lack of activation of the hydration reaction of fly-ash. This can be
overcome with the addition of activators like sodium hydroxide and sodium silicate in the
mix-design [43].
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Materials 2021, 14, 4437

17 of 25

0.50
0.45
k!
© 040
o
=
0.35
0.30
IDelaunay [ 1 N\, N | \
\
250 275 300 325 350 375 400 425 450
Cement (kg/m3)
Figure 15. Optimization chart for w/c ratio and cement (kg/ m?) (with ANN estimation).
The influence of crack width on self-healing efficiency is presented in Figure 17. It is
evident from the chart that small cracks (50-100 micron) have high SHI, around 0.75 to 1,
even in concrete with low cement content. The SHI index drops significantly with higher
crack size, going as low as 0.15 for concrete with cracks of 400 microns. The effect of
cement content is distinct in the smaller cracks, where cracks heal with a higher healing
index in high-cement concrete. However, this trend appears to disappear for cracks higher
than 350 microns. This behavior implies that the additional un-hydrated cement does
not facilitate the healing of large cracks, which is not corroborated or implied by any
existing literature. This behavior may be attributed to interpolation from limited data
points due to the lack of studies showing the healing performance of larger cracks in
high-cement concrete.
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Figure 16. Optimization chart for TCM (kg/ m?) and cement (kg/ m?) (with ANN estimation).
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Figure 17. Optimization chart for crack width (micron) and cement (kg/ m3) (with ANN estimation).

The contour graph of SHI mapping the effect of the period of healing as well as
cement content is presented in Figure 18. As anticipated from multiple works of literature,
self-healing improves with both periods of healing and cement content in concrete [6,7].
The rapid increase in SHI with the period of healing also owes to the underlying selection
of data corresponding to completely submerged environmental conditions. For a longer
period of healing, the effect of cement becomes more pronounced on healing capacity as
the hydration mechanism is almost complete following the initial 28 days of the interaction
of cement and water [41]. Therefore, for a longer period of exposure, the SHI depends on
the time water takes to reach the available un-hydrated cement in numerous pores. Hence,
high-cement concrete exposed to a long period of healing yields a high degree of hydration,
and so high self-healing indices. Moreover, the SHI becomes practically independent of the
period of exposure.

The influence of fiber content with cement on the self-healing capacity of concrete is
shown in Figure 19. The increase in the amount of fiber causes a slight improvement in the
SHI of concrete. It is visible from the charts that for low-cement concrete, the increase in
SHI due to the addition of fiber is slightly more pronounced than high-cement concrete.
The fibers control the opening of the cracks that make self-healing products easily attach to
the surface of the crack and fill them. A peculiar behavior has been shown by the chart
in which the healing indices seem to decrease with cement for high-cement concrete for a
particular volume of fiber. This can be due to the influence of other significant parameters
like large crack size or low treatment period.

It has any way to be remarked that, since the optimization charts are based on the
available reliable literature, they only cover a specific range of parameters. Therefore,
more range of parameters should be included and an effort from the scientific community
being implemented in documenting in the papers, as many of them as possible to enable
meta-analysis to cover a wider range of applicability, thus also paving the way for the
construction of a vigorous database that could foster standardization of healing test meth-
ods and design-oriented healing efficacy assessment procedures. Furthermore, besides
estimating SHI using the Delaunay triangulation, a multi-input and output neural network
model is being developed and optimized using the collected data. The development of the
model and inferences are discussed in the following section.
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Figure 18. Optimization chart for the period of healing (days) and cement (kg/ m?) (with ANN estimation).
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Figure 19. Optimization chart for fibre volume (%) and cement (kg/ m?) (with ANN estimation).

3.4. Artificial Neural Network

The step-wise optimization of the ANN model has been performed in the following
steps. Firstly, the Root Means Square Error (RMSE) values were calculated for the optimiza-
tion of the number of neurons. Figure 20 shows the RMSE value against the number of
neurons for the LM training algorithm. It is evident from Figure 20 that the lowest RMSE
of the training set and validation set such that RMSE of validation set is slightly higher
than the training set is for 18 neurons in the hidden layer. Therefore, the 18 neurons in the
hidden layer were adopted for further investigation.
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Figure 20. RMSE value against the number of neurons for LM training algorithm.

The optimization corresponding to adaptation learning functions and activation func-
tions were also performed concerning correlation coefficient, R. The two adaptation learn-
ing functions were gradient descent (learngd) and gradient descent with momentum
(learngdm), while two activation functions were hyperbolic tangent sigmoid (tansig) and
hyperbolic tangent (tanh) function. The four combinations based on two parameters were
hence learngd-tansig, learngd-tanh, learngdm-tansig, and learngdm-tanh. The best regres-
sion model was obtained for the learngdm-tansig combination (Figure 21). The design
charts were generated using the optimized model and compared with the charts obtained
from Delaunay’s approximation (Figures 15-19). This further investigation yields a robust
mechanism that would provide a more accurate approximation of SHI based on all the
input parameters involved. The following passage explains more about design charts from
the ANN model.

The SHI contour plot based on crack size and cement content (Figure 17) is in good
agreement with the theoretical interpolation chart. It is interesting to note that the neural
network model is showing the dependence of healing capacity on the amount of cement in
high-cement concrete contrary to interpolation approximation. This is because neural net-
works consist of several nodes that provide a better estimate than Delaunay triangulation
interpolation. In the case of total cementitious material and w/c ratio in Figures 15 and 16,
the model provides a very good correlation with the interpolation data with the small error
at the extreme ends.

In the case of healing period and fiber volume, the performance trends from the chart
obtained (Figures 18 and 19) from ANN are similar to trends obtained from Delaunay
approximation; however, it is evident that error is moderately higher than the three latter
cases. The reason for the error in the estimation of SHI based on fiber content can be
associated with the relative lack of data points for concrete samples containing fibers.
Furthermore, the study lacked the demarcation of fiber type [44,45], and its orientation in
concrete due to a lack of substantial literature. The different types of fibers have a varying
effect on the concrete, hence grouping all together may cause inconsistencies in estimation.
To overcome this problem, more data regarding the fiber type, size, and orientation must be
collected and trained to develop a more powerful model. The lack of parameters considered
may be the reason for the observed error in the chart providing SHI based on the healing
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period. These parameters involve the temperature of water [7], solute in water (like NaCl,
sulfates, chlorides, etc.) [46], and gaseous content [47]. For a more comprehensive study;,
demarcated data is required to minimize the obtained error. The ANN model has been
developed with the objective of developing a robust input—output model to calculate SHI
based on the considered parameters. The model provides results closer to theoretical values
(as shown by the charts); however, there is significant error due to low correlation value
(R-value) of the model. Hence, it is necessary to improve the ANN model by improving it
as a multi-layer deep neural network model to provide better approximation of SHI value.

Output ~= 0.69*Target + 0.13
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Figure 21. Regression model for gradient descent (momentum) and hyperbolic tangent sigmoid.

4. Conclusions

A systematic review of 100 papers has been carried out to study the effect of several
factors on the self-healing capacity of cementitious systems. Primarily, a preliminary litera-
ture review has been carried out to investigate the factors that influence the autogenous
self-healing efficiency of concrete. The numerical values of these factors and correspond-
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ing self-healing indices (calculated) are obtained to carry on quantitative analysis. The
summary of important finding corresponding to meta-analysis, design charts, and neural
network model is presented below:

1.

The statistical analysis has been carried out using statistical tools, like effect size,
the margin of error, and the diamond ratio. The meta-analysis shows that crack
size, healing period and environment, as well as the presence of CA has the highest
effect on the self-healing efficiency. On the other hand, presence of fibers and SCM
improves the self-healing capacity in cementitious materials; however, the effect is
not as significant as other parameters.

Based on the optimization charts, this study can suggest some recommendations
and highlight the expected research works that would contribute to fill the gap
and provide more data to strengthen the confidence relating to self-healing/sealing
parameters. A brief analysis is drawn below.

i The relative importance percentage of total cementitious material, crack width,
period of healing, w/c ratio, and fiber content in determining the SHI are 32.7%,
30.5%, 20%,13%, and 4.1%, respectively. The results validate the conclusions
made based on the meta-analysis.

ii. The analysis suggests that the crack greater than 300 microns have much
less healing efficiency, even for longer times of treatment, whereas cracks
smaller than 100 microns can heal completely within a shorter rime, down
to one week. Furthermore, it is observed that the rate of healing decreases
notably after a period of 14 to 28 days of treatment depending on the crack size,
hence corroborating with the reaction mechanism of autogenous self-healing
in concrete.

iii. The design chart of w/c ratio and cement content shows that SHI increases
with cement content even with low wy/c ratios. This is because the hydration
reactions augment with the availability of un-hydrated cement. However,
more data is required for low-cement concrete with high w/c ratio to obtain
better trends in optimization charts.

iv. The analysis of supplementary cementitious material shows that there is a
peak range for SCM content, around 40-60% of total cementitious materials,
for optimum SHI. This is because the hydration reaction of fly-ash utilizes
the hydration products of cement. The low amount of cement produces less
hydration energy for the activation of the hydration reaction of fly-ash.

V. The design chart investigating the effect of the period of healing shows rapid
recovery at the beginning of the treatment process. For a longer period of
healing, the effect of cement becomes more pronounced on healing capacity. It
is suggested to treat concrete for the period of around 28 days as the hydration
mechanism is almost complete in this period.

vi. The increase in the volume of fibers from 1% to 2.5% causes a slight improve-
ment in the SHI of concrete. It has been shown that for low-cement concrete,
the increase in SHI due to the addition of fibers is slightly more pronounced
than high-cement concrete.

vii.  The results obtained were in good agreement with the existing literature.
However, more range of parameters should be included, and more relevant
papers should be documented to enable meta-analysis to cover a wider range
of applicability.

The results of neural network modeling are presented as follows.

i. The SHI contour plots based on crack size, total cementitious material, w/c
ratio are in good agreement with the theoretical interpolation charts, whereas
a moderate error has been observed in the charts of the healing period and
fiber volume. This can be attributed to the lack of demarcation of data points
based on more parameters.
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ii. It is evident that optimized single-layer feed forward neural network provides
a low correlation value. Hence, multilayered deep model must be developed
in future study to improve the accuracy of the machine learning model.

The approach herein employed, together with the produced design charts can pave the
way toward codification and standardization of the composition of cementitious materials
to exploit its best self-healing capacity.

Supplementary Materials: The following are available online at https:/ /www.mdpi.com/article/
10.3390/ma14164437/s1. Supplementary material—Database and Validation Set: List of Sources.

Author Contributions: Conceptualization, S.G., S.A.-O. and L.E; methodology, S.G.; software, S.G.;
validation, S.G., S.A.-O. and L.F,; formal analysis, L.F.; investigation, S.G. and S.A.-O.; resources,
S.G.; data curation, S.G.; writing—original draft preparation, S.G.; writing—review and editing, S.G.,
S.A.-O. and L.F; visualization, L.E; supervision, S.A.-O. and L.F,; project administration, L.F.; funding
acquisition, L.F. All authors have read and agreed to the published version of the manuscript.

Funding: This research was performed in the framework of the The ReSHEALience project (Re-
thinking coastal defence and Green-energy Service infrastructures through enHancEd-durAbiLity
high-performance cement-based materials), which has received funding from the European Union’s
Horizon 2020 research and innovation programme under GA 760824. The information and views set
out in this publication do not necessarily reflect the official opinion of the European Commission.

Institutional Review Board Statement: Not applicable.
Informed Consent Statement: Not applicable.

Data Availability Statement: The supplementary material contained the complete list of all the
sources from which the concrete self-healing data were compiled.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Wagner, E.F. Autogenous Healing of Cracks in Cement-Mortar Linings for Gray-Iron and Ductile-Iron Water Pipe. . Am. Water
Work. Assoc. 1974, 358-360. [CrossRef]

2. Ghosh, S.; Biswas, M.; Chattopadhyay, B.D.; Mandal, S. Microbial Activity on the Microstructure of Bacteria Modified Mortar.
Cem. Concr. Compos. 2009, 31, 93-98. [CrossRef]

3. Schlangen, E.; Joseph, C. Self-healing processes in concrete. In Self-Healing Materials: Fundamentals, Design Strategies, and
Applications; Ghosh, S.K., Ed.; WILEY-VCH Verlag GmbH & Co. KGaA: Weinheim, Germany, 2009.

4. Hearn, N.; Morley, C.T. Self-Sealing Property of Concrete—Experimental Evidence. Mater. Struct. 1997, 30, 404—411. [CrossRef]

5. Jacobsen, S.; Marchand, J.; Hornain, H. SEM Observations of the Microstructure of Frost Deteriorated and Self-Healed Concretes.
Cem. Concr. Res. 1995, 25, 1781-1790. [CrossRef]

6.  De Belie, N.; Gruyaert, E.; Al-Tabbaa, A.; Antonaci, P; Baera, C.; Bajare, D.; Darquennes, A.; Davies, R.; Ferrara, L.; Jefferson, T. A
Review of Self-Healing Concrete for Damage Management of Structures. Adv. Mater. Interfaces 2018, 5, 1800074. [CrossRef]

7. Reinhardt, H.-W.,; Jooss, M. Permeability and Self-Healing of Cracked Concrete as a Function of Temperature and Crack Width.
Cem. Concr. Res. 2003, 33, 981-985. [CrossRef]

8. Li, G, Liu, S.; Niu, M,; Liu, Q.; Yang, X.; Deng, M. Effect of Granulated Blast Furnace Slag on the Self-Healing Capability of
Mortar Incorporating Crystalline Admixture. Constr. Build. Mater. 2020, 239, 117818. [CrossRef]

9. Litina, C.; Al-Tabbaa, A. First Generation Microcapsule-Based Self-Healing Cementitious Construction Repair Materials. Constr.
Build. Mater. 2020, 255, 119389. [CrossRef]

10. Roig-Flores, M.; Moscato, S.; Serna, P,; Ferrara, L. Self-Healing Capability of Concrete with Crystalline Admixtures in Different
Environments. Constr. Build. Mater. 2015, 86, 1-11. [CrossRef]

11. de Souza Oliveira, A.; da Fonseca Martins Gomes, O.; Ferrara, L.; de Moraes Rego Fairbairn, E.; Toledo Filho, R.D. An Overview of
a Twofold Effect of Crystalline Admixtures in Cement-Based Materials: From Permeability-Reducers to Self-Healing Stimulators.
J. Build. Eng. 2021, 41, 102400. [CrossRef]

12.  Medjigbodo, S.; Bendimerad, A.Z.; Roziére, E.; Loukili, A. How Do Recycled Concrete Aggregates Modify the Shrinkage and
Self-Healing Properties? Cem. Concr. Compos. 2018, 86, 72-86. [CrossRef]

13. Nishikawa, T.; Yoshida, J.; Sugiyama, T.; Fujino, Y. Concrete Crack Detection by Multiple Sequential Image Filtering. Comput.
Aided Civ. Infrastruct. Eng. 2012, 27, 29-47. [CrossRef]

14.  Snoeck, D.; Van Tittelboom, K.; Steuperaert, S.; Dubruel, P; De Belie, N. Self-Healing Cementitious Materials by the Combination

of Microfibres and Superabsorbent Polymers. |. Intell. Mater. Syst. Struct. 2014, 25, 13-24. [CrossRef]


https://www.mdpi.com/article/10.3390/ma14164437/s1
https://www.mdpi.com/article/10.3390/ma14164437/s1
http://doi.org/10.1002/j.1551-8833.1974.tb02046.x
http://doi.org/10.1016/j.cemconcomp.2009.01.001
http://doi.org/10.1007/BF02498563
http://doi.org/10.1016/0008-8846(95)00174-3
http://doi.org/10.1002/admi.201800074
http://doi.org/10.1016/S0008-8846(02)01099-2
http://doi.org/10.1016/j.conbuildmat.2019.117818
http://doi.org/10.1016/j.conbuildmat.2020.119389
http://doi.org/10.1016/j.conbuildmat.2015.03.091
http://doi.org/10.1016/j.jobe.2021.102400
http://doi.org/10.1016/j.cemconcomp.2017.11.003
http://doi.org/10.1111/j.1467-8667.2011.00716.x
http://doi.org/10.1177/1045389X12438623

Materials 2021, 14, 4437 24 of 25

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

Ferrara, L.; Van Mullem, T.; Alonso, M.C.; Antonaci, P.; Borg, R.P.; Cuenca, E.; Jefferson, A.; Ng, P.-L.; Peled, A.; Roig-Flores,
M. Experimental Characterization of the Self-Healing Capacity of Cement Based Materials and Its Effects on the Material
Performance: A State of the Art Report by COST Action SARCOS WG2. Constr. Build. Mater. 2018, 167, 115-142. [CrossRef]
Hung, C.-C,; Su, Y.-F. Medium-Term Self-Healing Evaluation of Engineered Cementitious Composites with Varying Amounts of
Fly Ash and Exposure Durations. Constr. Build. Mater. 2016, 118, 194-203. [CrossRef]

Di Prisco, M.; Ferrara, L.; Lamperti, M.G. Double Edge Wedge Splitting (DEWS): An Indirect Tension Test to Identify Post-Cracking
Behaviour of Fibre Reinforced Cementitious Composites. Mater. Struct. 2013, 46, 1893-1918. [CrossRef]

Ferrara, L.; Ozyurt, N.; Di Prisco, M. High Mechanical Performance of Fibre Reinforced Cementitious Composites: The Role of
“Casting-Flow Induced” Fibre Orientation. Mater. Struct. 2011, 44, 109-128. [CrossRef]

Monte, FL.; Ferrara, L. Tensile Behaviour Identification in Ultra-High Performance Fibre Reinforced Cementitious Composites:
Indirect Tension Tests and Back Analysis of Flexural Test Results. Mater. Struct. 2020, 53, 1-12. [CrossRef]

Ferrara, L.; Krelani, V.; Moretti, FE. Autogenous Healing on the Recovery of Mechanical Performance of High Performance Fibre
Reinforced Cementitious Composites (HPFRCCs): Part 2-Correlation between Healing of Mechanical Performance and Crack
Sealing. Cem. Concr. Compos. 2016, 73, 299-315. [CrossRef]

Droval, G.; Feller, J.-F,; Salagnac, P.; Glouannec, P. Conductive Polymer Composites with Double Percolated Architecture of
Carbon Nanoparticles and Ceramic Microparticles for High Heat Dissipation and Sharp PTC Switching. Smart Mater. Struct.
2008, 17, 025011. [CrossRef]

Cuenca, E.; Tejedor, A.; Ferrara, L. A Methodology to Assess Crack-Sealing Effectiveness of Crystalline Admixtures under
Repeated Cracking-Healing Cycles. Constr. Build. Mater. 2018, 179, 619-632. [CrossRef]

Ferrara, L.; Krelani, V.; Moretti, F.; Flores, M.R.; Ros, P.S. Effects of Autogenous Healing on the Recovery of Mechanical
Performance of High Performance Fibre Reinforced Cementitious Composites (HPFRCCs): Part 1. Cem. Concr. Compos. 2017, 83,
76-100. [CrossRef]

Cuenca, E.; Mezzena, A.; Ferrara, L. Synergy between Crystalline Admixtures and Nano-Constituents in Enhancing Autogenous
Healing Capacity of Cementitious Composites under Cracking and Healing Cycles in Aggressive Waters. Constr. Build. Mater.
2021, 266, 121447. [CrossRef]

Cuenca, E.; D’Ambrosio, L.; Lizunov, D.; Tretjakov, A.; Volobujeva, O.; Ferrara, L. Mechanical Properties and Self-Healing
Capacity of Ultra High Performance Fibre Reinforced Concrete with Alumina Nano-Fibres: Tailoring Ultra High Durability
Concrete for Aggressive Exposure Scenarios. Cem. Concr. Compos. 2021, 118, 103956. [CrossRef]

Monte, FL.; Ferrara, L. Self-Healing Characterization of UHPFRCC with Crystalline Admixture: Experimental Assessment via
Multi-Test/Multi-Parameter Approach. Constr. Build. Mater. 2021, 283, 122579. [CrossRef]

Askie, L.; Offringa, M. Systematic Reviews and Meta-Analysis. In Seminars in Fetal and Neonatal Medicine; Elsevier: Amsterdam,
The Netherlands, 2015; Volume 20, pp. 403—409.

Herath, C.; Gunasekara, C.; Law, D.W,; Setunge, S. Performance of High Volume Fly Ash Concrete Incorporating Additives: A
Systematic Literature Review. Constr. Build. Mater. 2020, 258, 120606. [CrossRef]

Merli, R.; Preziosi, M.; Acampora, A.; Lucchetti, M.C.; Petrucci, E. Recycled Fibers in Reinforced Concrete: A Systematic Literature
Review. J. Clean. Prod. 2020, 248, 119207. [CrossRef]

Garcia-Taengua, E. Fundamental Fresh State Properties of Self-Consolidating Concrete: A Meta-Analysis of Mix Designs. Adv.
Civ. Eng. 2018, 2018, 5237230. [CrossRef]

Delgado, ] M.P.Q.; Silva, FA.N.; Azevedo, A.C,; Silva, D.F; Campello, R.L.B.; Santos, R.L. Artificial Neural Networks to Assess
the Useful Life of Reinforced Concrete Elements Deteriorated by Accelerated Chloride Tests. J. Build. Eng. 2020, 31, 101445.
[CrossRef]

Shahmansouri, A.A.; Yazdani, M.; Ghanbari, S.; Bengar, H.A; Jafari, A.; Ghatte, H.F. Artificial Neural Network Model to Predict
the Compressive Strength of Eco-Friendly Geopolymer Concrete Incorporating Silica Fume and Natural Zeolite. ]. Clean. Prod.
2021, 279, 123697. [CrossRef]

Borenstein, M.; Hedges, L.V.; Higgins, ].P; Rothstein, H.R. A Basic Introduction to Fixed-Effect and Random-Effects Models for
Meta-Analysis. Res. Synth. Methods 2010, 1, 97-111. [CrossRef]

Tonidandel, S.; LeBreton, ].M. RWA Web: A Free, Comprehensive, Web-Based, and User-Friendly Tool for Relative Weight
Analyses. |. Bus. Psychol. 2015, 30, 207-216. [CrossRef]

Shen, Z.; Chen, A. Comprehensive Relative Importance Analysis and Its Applications to High Dimensional Gene Expression
Data Analysis. Knowl. Based Syst. 2020, 203, 106120. [CrossRef]

Amidror, I. Scattered Data Interpolation Methods for Electronic Imaging Systems: A Survey. J. Electron. Imaging 2002, 11, 157-176.
[CrossRef]

Oztag, A.;Pala, M.,; Ozbay, E.; Kanca, E.; Caglar, N.; Bhatti, M.A. Predicting the Compressive Strength and Slump of High Strength
Concrete Using Neural Network. Constr. Build. Mater. 2006, 20, 769-775. [CrossRef]

Moré, ].J. The Levenberg-Marquardt algorithm: Implementation and theory. In Numerical Analysis; Springer: New York, NY, USA,
1978; pp. 105-116.

Abou-Zeid, M.; Fowler, D.W.; Nawy, E.G.; Allen, ].H.; Halvorsen, G.T.; Poston, R.W.; Barlow, J.P.; Hansen, W.; Rhoads, R.J.;
Brander, M.E. Control of Cracking in Concrete Structures. Rep. ACI Comm. 2001, 224, 12-16.


http://doi.org/10.1016/j.conbuildmat.2018.01.143
http://doi.org/10.1016/j.conbuildmat.2016.05.021
http://doi.org/10.1617/s11527-013-0028-2
http://doi.org/10.1617/s11527-010-9613-9
http://doi.org/10.1617/s11527-020-01576-8
http://doi.org/10.1016/j.cemconcomp.2016.08.003
http://doi.org/10.1088/0964-1726/17/2/025011
http://doi.org/10.1016/j.conbuildmat.2018.05.261
http://doi.org/10.1016/j.cemconcomp.2017.07.010
http://doi.org/10.1016/j.conbuildmat.2020.121447
http://doi.org/10.1016/j.cemconcomp.2021.103956
http://doi.org/10.1016/j.conbuildmat.2021.122579
http://doi.org/10.1016/j.conbuildmat.2020.120606
http://doi.org/10.1016/j.jclepro.2019.119207
http://doi.org/10.1155/2018/5237230
http://doi.org/10.1016/j.jobe.2020.101445
http://doi.org/10.1016/j.jclepro.2020.123697
http://doi.org/10.1002/jrsm.12
http://doi.org/10.1007/s10869-014-9351-z
http://doi.org/10.1016/j.knosys.2020.106120
http://doi.org/10.1117/1.1455013
http://doi.org/10.1016/j.conbuildmat.2005.01.054

Materials 2021, 14, 4437 25 of 25

40.

41.

42.

43.

44.

45.

46.

47.

Cuenca, E.; Rigamonti, S.; Gastaldo Brac, E.; Ferrara, L. Crystalline Admixture as Healing Promoter in Concrete Exposed to
Chloride-Rich Environments: Experimental Study. . Mater. Civ. Eng. 2021, 33, 04020491. [CrossRef]

Termkhajornkit, P.; Nawa, T.; Yamashiro, Y.; Saito, T. Self-Healing Ability of Fly Ash—-Cement Systems. Cem. Concr. Compos. 2009,
31, 195-203. [CrossRef]

Moghaddam, E; Sirivivatnanon, V.; Vessalas, K. The Effect of Fly Ash Fineness on Heat of Hydration, Microstructure, Flow and
Compressive Strength of Blended Cement Pastes. Case Stud. Constr. Mater. 2019, 10, e00218. [CrossRef]

Ramagiri, KK.; Chauhan, D.R; Gupta, S.; Kar, A.; Adak, D.; Mukherjee, A. High-Temperature Performance of Ambient-Cured
Alkali-Activated Binder Concrete. Innov. Infrastruct. Solut. 2021, 6, 1-11. [CrossRef]

Roig-Flores, M; Pirritano, F,; Serna, P; Ferrara, L. Effect of Crystalline Admixtures on the Self-Healing Capability of Early-Age
Concrete Studied by Means of Permeability and Crack Closing Tests. Constr. Build. Mater. 2016, 114, 447-457. [CrossRef]
Rajasegar, M.; Kumaar, C.M. Hybrid Effect of Poly Vinyl Alcohol, Expansive Minerals, Nano-Silica and Rice Husk Ash on the
Self-Healing Ability of Concrete. Mater. Today Proc. 2020, 45, 5944-5952. [CrossRef]

Palin, D.; Wiktor, V.; Jonkers, H.M. A Bacteria-Based Bead for Possible Self-Healing Marine Concrete Applications. Smart Mater.
Struct. 2016, 25, 084008. [CrossRef]

Yildirim, G.; Khiavi, A.H.; Yesilmen, S.; Sahmaran, M. Self-Healing Performance of Aged Cementitious Composites. Cem. Concr.
Compos. 2018, 87, 172-186. [CrossRef]


http://doi.org/10.1061/(ASCE)MT.1943-5533.0003604
http://doi.org/10.1016/j.cemconcomp.2008.12.009
http://doi.org/10.1016/j.cscm.2019.e00218
http://doi.org/10.1007/s41062-020-00448-y
http://doi.org/10.1016/j.conbuildmat.2016.03.196
http://doi.org/10.1016/j.matpr.2020.09.148
http://doi.org/10.1088/0964-1726/25/8/084008
http://doi.org/10.1016/j.cemconcomp.2018.01.004

	Introduction 
	Mechanism of Autogenous Self-Healing of Concrete 
	Crack Width 
	Admixture 
	Fibers and Polymers 
	Treatment Environment and Period of Exposure 
	Systematic Review and Meta-Analysis 
	Artificial Neural Network (ANN) Model 
	Study Objective 

	Methodology 
	Results and Discussions 
	Meta-Data Analysis 
	Crack Size 
	Healing Period 
	Crystalline Admixtures 
	Healing Environment 
	Presence of Fibres 
	Meta-Data Analysis: Comparisons 

	Relative Importance 
	Optimization Charts 
	Artificial Neural Network 

	Conclusions 
	References

