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Abstract. The Covid-19 pandemic forced millions of people worldwide to en-
gage in remote working practices, and several organisations are expected to con-
tinue adopting work-from-home even in the post-pandemic scenario. This phe-
nomenon has highlighted the importance of human-technology interaction in en-
abling telework, but it has also increased awareness about the potential adverse 
effects of information and communication technologies (ICTs) on employees' 
wellbeing. Even if recent literature has delved into these consequences in terms 
of technostress, there has been little quantitative analysis within the telework lit-
erature. The present study aims to fill this gap by introducing and testing an em-
pirical model grounding on a transactional-based model of stress. We assess the 
influence of three techno-stressors (i.e., techno-overload, techno-complexity, and 
techno-invasion), two typologies of individual psychological responses as medi-
ator variables (i.e., affective and cognitive strain), and individuals' work out-
comes (i.e., work engagement and job performance). We collected self-reports 
through survey research involving a sample of 135 remote workers. Data was 
analysed using Partial Least Square – Structural Equation Modeling. The results 
show that techno-overload positively influences affective strain, techno-invasion 
positively influences both affective and cognitive strain, while techno-complex-
ity positively influences cognitive strain. Further, we show that cognitive strain 
negatively affects both work engagement and job performance, while affective 
strain negatively influences only job performance. Possible stress coping strate-
gies based on the redesign of the working environment and mindfulness practices 
to inhibit techno-stressors are discussed. Also, we discuss how adaptive systems 
tracking individual behavioral and cognitive strain can create positive feedback 
loops to enhance individual wellbeing.  
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1 Introduction  

The evolution of technology has impacted a plethora of fields without neglecting the 
professional one. Over the last decades, information and communication technologies 
(ICTs) have allowed telework to constantly evolve and diversify, providing organisa-
tions with manifold possibilities in terms of where, when, and how work can be per-
formed. Moreover, during 2020 and early 2021, the outbreak of the Covid-19 pandemic 
forced a sizable portion of organisations to introduce mandatory remote working prac-
tices, permanently modifying the perception of the physical and temporal dimensions 
of the workplace by the employees. This phenomenon has underscored the relevance 
of human-technology interaction to enable work-from-home, but it has also raised 
awareness about the side effects that ICT-mediated telework could have on employees’ 
wellbeing. Transitioning to home offices and employing ICTs to cooperate with col-
leagues has reportedly led to a fragmentation of work and influenced individuals’ emo-
tional stability, fatigue, and stress [1, 2].  

In 1984, Brod defined technostress for the first time as “a modern disease of adapta-
tion caused by an inability to cope with the new computer technologies in a healthy 
manner” [3]. So far, different studies have investigated technology-driven stressors 
which might induce strain and produce job-related outcomes in the workplace (e.g., [4, 
5]) but less attention has been paid to remote-working settings. The unprecedented 
change that emerged from the pandemic offered the unique opportunity to study tech-
nology-human relationship. Research has shown that in nearly the 50% of organisa-
tions, the 81% of the employees had worked remotely during the coronavirus pandemic 
[6]. Interestingly, the same study revealed that about 40% of employees estimated to 
work remotely even in the post-emergency scenario. Hence, to see remote working as 
a viable alternative for the foreseeable future, it is essential to evaluate the long-term 
impacts of technology-driven stressors on individuals’ wellbeing and organizational 
performance. To the best of our knowledge, there has been little quantitative analysis 
within the telework literature investigating the relationship between techno-stressors, 
individual psychological responses, and outcomes in terms of employees’ work engage-
ment and performance in the workplace.  

The present study aims to fill this gap by assessing the influence of three techno-
stressors (i.e., techno-overload, techno-complexity, and techno-invasion), two typolo-
gies of individual psychological responses as mediator variables (i.e., cognitive and 
affective strain), and individuals’ work outcomes (i.e., work engagement and job per-
formance). 
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2 Background 

Even if remote working has become popular in recent years due to COVID-19 emer-
gency, the practice is older in time. The first conceptualisation dates back to 1970s, 
when Jack Nilles shaped the notion of “telecommuting network” as the assembly of 
“computational and telecommunications components which enable employees of large 
organisations to work in offices close to (but generally not in) their homes, rather than 
commute long distances to a central office” [7]. During the COVID-19 pandemic, in-
ternet-based services became the primary mean to communicate, interact, and accom-
plish job task. However, prior research has described that certain processes may be 
accountable for delivering adverse reactions to ICTs. These processes can be summa-
rised under the wide concept of “technostress”. Technostress is an IT user’s experience 
of stress when using technologies [5]. Hence, investigations on technostress are rooted 
in previous studies on general work stress. In the present paper we investigate such a 
construct following a transactional-based conceptualisation of stress [8]. With this end, 
we formulate a conceptual framework that encompasses three layers, namely techno-
stressors, psychological strain, and organisational outcomes. These are illustrated in 
Fig. 1 and discussed in the following. 

2.1 Techno-stressors 

Techno-stressors are those technology-related factors that may create strain [5]. In 
2007, Tarafdar and colleagues identified five techno-stressors that have been widely 
discussed by the majority of cross-sectional studies [4]. Those factors are techno-over-
load, techno-invasion, techno-complexity, techno-insecurity, and techno-uncertainty. 
Since the present study aims at investigating the effect of technostress caused by tele-
work practices during the COVID-19 period, three techno-stressors are considered: 
techno-overload, techno-complexity, and techno-invasion. Indeed, techno-insecurity 
and techno-uncertainty relate most directly to the organisation's workplace, resulting in 
less suitable items to be investigated in the remote working environment. 

First, techno-overload can be defined as ICTs’ potential to force users to work more, 
faster, and longer. This situation may elicit a change in work habits through the impo-
sition of more work to be handled within very tight time schedules [9]. Second, techno-
invasion is the ICTs’ effect of invading users' personal lives through constant connec-
tivity. The continuous exposure to information conveyed by ICTs leads workers to be 
constantly accessible, resulting in individual’s losing control of time and space [4]. This 
situation presents many adverse effects on the individuals. For instance, a study noted 
that workers' perception of being constantly “on-call” negatively affects their sense of 
security and job satisfaction [10]. Finally, techno-complexity describes the situations 
in which ICTs’ features and complexity make users feel inadequate concerning their 
skills [4]. Since ICTs are subject to constant changes and updates, the hard skills needed 
- including technical capabilities and terminology - become more and more complex. 
This situation introduces anxiety and fear in all the employees who find new technolo-
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gies intimidating and difficult to understand [11]. As mentioned before, these condi-
tions may cause a series of adverse psychological, behavioural, and physical reactions 
known as individual strain. 

2.2 Strain 

Strain is defined as the individual’s response to techno-stressors. Tarafdar et al. [9] 
proposed that techno-stressors can influence both the extent to which individuals are 
satisfied with the ICT applications they use and the job performed. Hence, there is a 
distinction between adverse job-related outcomes and adverse ICT-use related out-
comes. Job-related outcomes include psychological strains, namely emotional reac-
tions to stressor conditions such as dissatisfaction with the job, depression, and negative 
self-evaluation [9]. In psychology, this kind of strain occurs when organisational stress 
lead to ineffective cognitive functioning or disturbed affective states [12]. Conse-
quently, we theorise it is further possible to distinguish between two components of 
technostress-induced psychological strain: the cognitive and affective components.  

From one side, cognitive strain depicts the negative effect on individual cognitive 
functioning, namely the mental processes involved in information processing such as 
attention, working memory, decision-making, and learning [13]. On the other side, the 
term “affect” refers to the mental counterpart of internal bodily representations associ-
ated with emotions [14]. Affective strain is a significant outcome in stress research be-
cause it is inherently linked to the experience of stressful situations [15]. Hence, the 
construct is widely used in occupational stress research. In this study, the affective com-
ponent of psychological strain is conceptualised as an individual state characterised by 
high arousal and displeasure, reflecting the anxious condition of affective wellbeing 
[16]. This decision is intended to mirror the stress impact on the affective component 
theorised by Pejetersen et al. [17]. 

Prior research has described various affective dimensions of strain (such as anxiety 
[18], and tension [19]) as well as negative cognitive experiences (e.g., fatigue and ex-
haustion [20]) due to the use of technologies. For instance, Lewis underlined that the 
use of ICT may lead to poor decision-making, difficulty in memorising and remember-
ing, and a reduced attention span [21]. For these reasons, we suppose that the techno-
stressors has an influence on an individual's cognitive and affective reactions. Specifi-
cally, remote working may force users to work more and fulfil multiple demands within 
very tight time schedules. This simultaneous exposure to multiple stimuli creates a gap 
between what they are demanded to do and what they can efficiently handle [22]. 
Hence, we hypothesise that this exhausting condition may deliver negative conse-
quences both from a cognitive and affective viewpoint. Namely: 

 
H1a: Techno-overload has a positive influence on affective strain  
H1b: Techno-overload has a positive influence on cognitive strain  
 
Moreover, the invasion of private life due to technology may create pressures of 

constant connectivity (techno-invasion). This scenario may lead employees to manifest 
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symptoms like fatigue, burnout, tension, and dissatisfaction, thus influencing cognitive 
and affective response. Consequently, we propose the following hypothesis:  

 
H2a: Techno-invasion has a positive influence on affective strain  
H2b: Techno-invasion has a positive influence on cognitive strain  
 
Finally, techno-complexity forces workers to spend resources learning and under-

standing ICTs, to not feel unskilled [9, 23]. This condition may raise negative affective 
states such as anxiety in all those employees who find new technologies intimidating 
[11], making ICT learning processes difficult [24], and thus requiring higher cognitive 
efforts. Formally:  

 
H3a: Techno-complexity has a positive influence on affective strain  
H3b: Techno-complexity has a positive influence on cognitive strain  

2.3 Job-related Outcomes 

The consequences of technostress are not limited to individuals' wellbeing since strain 
can lead to organisational outcomes too. Several studies have investigated the unfa-
vourable effect of techno-stressors on companies’ performance such as organisational 
commitment [5] and productivity [23]. However, very few studies have addressed the 
topic of job engagement within telework practice and none have investigated the rela-
tionship between techno-stressors, strain, and work engagement. According to Khan’s 
definition of work engagement, employees are engaged when they are physically, cog-
nitively, and emotionally connected with their work [25]. Work engagement has been 
discussed in the "off-line” job context because of its direct impact on organisational 
results. Indeed, engaged employees experience positive feelings like gratitude, joy, en-
thusiasm, and better health [26], resulting in readiness to dedicate their full resources 
to accomplish work goals and, as a consequence, to work more [4]. To be engaged, 
employees should present a significant involvement both from a cognitive and emo-
tional point of view. Hence, it is expected that psychological strain shows a negative 
relationship with work engagement. Hence, the following hypotheses are theorised: 

 
H4a: Affective strain has a negative influence on work engagement 
H4b: Cognitive strain has a negative influence on work engagement 
 
Campbell described individual work performance as “behaviours or actions that are 

relevant to the goals of the organisation” [27], entailing that: (i) individual work per-
formance should be defined in terms of behaviours rather than results, and (ii) it in-
cludes only those behaviours that are relevant to the organisation’s goals [28]. As a 
consequence, individual work performance is not output-oriented (as productivity); ra-
ther it can be measured through quality of outputs, job knowledge, and leadership, to 
name three [29]. Individual work performance is a multidimensional, abstract, and la-
tent construct that cannot be pointed to or measured directly. For this reason, it should 
be distinguished from other constructs, even if different concepts often seem to be used 



6 

interchangeably in the literature. Individual work performance is a very relevant con-
struct for organisations since it represents an early signal of team and company perfor-
mance, both factors that raise organisation competitiveness [28]. Even if in literature 
the impact of technostress on task [30] and end-user performance [9] has been deeply 
investigated, to the best of our knowledge, there is a lack in the study of the relationship 
between psychological strain and individual work performance in the remote working 
environment. Hence, we investigate the impact of strain on individual work perfor-
mance by testing the following hypotheses: 

 
H5a: Affective strain has a negative influence on work performance  
H5b: Cognitive strain has a negative influence on work performance 

 
Fig. 1. Conceptual model and related hypotheses 

3 Materials and Methods 

We developed our questionnaire relying upon already-validated constructs. Techno-
stressors were measured with the short version of the scale developed by Molino and 
colleagues [31]: we took into account three items for techno-overload, three items for 
techno-invasion, and four items for techno-complexity. Psychological strain constructs 
were measured employing the Copenhagen psychosocial questionnaire II [17], using 
four items for each strain (cognitive and affective). Items to measure work engagement 
has been taken and adapted from the Short version of the Utrecht Work Engagement 
Scale [32]: three items were selected from the vigour and dedication class, while one 
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item was employed to investigate the absorption dimension. Finally, individual work 
performance has been measured through a 3-items construct taken from the Individual 
Work Performance Questionnaire [28]. All items were measured with Likert scales 
(from 1 = strongly disagree/never to 7 = strongly agree/always to answer) and translated 
into Italian. A full copy of the items investigated is provided in Table 1 in Appendix.  

The questionnaire was delivered in the form of a digital survey delivered to a sample 
of 171 Italian workers experiencing work-from-home from January 2020 to June 2021. 
Overall, 135 responses have been usable for analysis purposes, representing the 79% 
of the overall collected questionnaires (57% female, Mage = 32.1, SDage = 9.8, age-range 
= 21-61). Participants have been contacted asking them to fill in a self-reported ques-
tionnaire on a voluntary basis. After the collection of the responses, a construct relia-
bility check was performed. Overall, 57% of the respondents worked remotely for more 
than 5 months, 26% resorted to remote working for 3-5 months, while the remaining 
part worked remotely for two months or less. The majority of the sample (77%) proved 
to be full-time workers, and 76% of the total respondents worked from home more than 
four days a week. Most of the participants were married or cohabited with friends/room-
mates (84%), while 80% did not have children.  

A data analysis was carried out using Partial Least Square – Structural Equation 
Modeling (PLS–SEM) to test the relationships among techno-stressors, psychological 
strain, and organisational outcomes. PLS-SEM is a second-generation multivariate data 
analysis method that tests linear and additive models. It can be considered a valid alter-
native to canonical correlation or covariance-based structural equation modelling since 
it can relate a set of independent variables to multiple independent dependent variables. 
We opted for PLS-SEM due to the explorative type of research. Our sample size was 
satisfactory, being more than 10-times the largest number of structural paths directed 
to a particular latent construct in the structural model [33]. The estimations and data 
manipulations were performed using SmartPLS3.  

4 Results 

The number of iterations to find convergence was 8, suggesting the goodness of the 
model [34]. The reliability and validity measures, as well as the descriptive statistics 
for the model constructs are available in Table 2 in Appendix. We assessed composite 
reliability and Cronbach’s alpha as a convergent validity test. CR index is above 0.70, 
and Cronbach’s alpha values range from 0.709 to 0.921 and are greater than the recom-
mended minimum value of 0.7, thus confirming the validity of our model [35]. We 
employed AVE to test of both convergent and divergent validity. AVE values were 
above 0.5, a threshold indicating convergent validity [36]. We establish discriminant 
validity by the Fornell–Larcker criterion [37]. All our AVE square roots were satisfying 
this condition. As a measure of fit of the model, we evaluated the standardized root 
mean square residual (SRMR). Our model has a saturated model SRMR of 0.076, that 
is below the suggested maximum value of 0.08 [38], thus confirming the good fit. Fi-
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nally, our model does not present critical collinearity issues among the measured con-
structs indicators since structural Variance Inflation Factor (VIF) coefficients are all 
lower than 5 [39].  

After the model had been validated, the hypothesised relationships among the con-
structs of the structural model were tested. A bootstrapping with 5,000 samples was 
conducted [40]. Then, determination coefficients, path coefficients, and significance 
levels were examined. As shown in Fig. 2, the majority of the hypotheses are supported. 
Indeed, excluding H1b, H3a, and H4a, all the path coefficients are significant at the 
0.05 significance level and below. The coefficients of determination R2 are 0.335 for 
affective strain, 0.271 for cognitive strain, 0.158 for work engagement, and 0.247 for 
work performance, representing adequate effects for our model [41]. Blindfolding tech-
nique was used as a measure of predictive relevance of the model. The Q2 values of 
cross-validated redundancy are 0.257, 0.151, 0.083, and 0.144 for affective strain, cog-
nitive strain, work engagement, and individual work performance, respectively. Since 
all the Q2 values are above zero, the observed values are adequately reconstructed, and 
the model has predictive relevance [42]. 

The results show that, through the mediation of affective and cognitive strain, 
techno-stressors tend to reduce both the work engagement and job performances of re-
mote workers. In particular, we show that techno-overload positively influences affec-
tive strain, techno-invasion positively influences both affective and cognitive strain, 
while techno-complexity positively influences cognitive strain. Further, we show that 
cognitive strain affects negatively both work engagement and job performance, while 
affective strain influences negatively only the job performance. 

 

 
Note: *p-value <0.05; **p-value < 0.01 

Fig. 2. Structural Model Results 
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5 Discussion and Conclusion 

This study carries meaningful insights on the relationships among the main techno-
stressors involved in telework practices and work outcomes, also evaluating the medi-
ating role of individual psychological response. In our model, techno-invasion presents 
a more extensive effect with respect to techno-overload and techno-complexity, since 
it is the only stressor to influence both the psychological strains. These results underline 
that constant connectivity, which causes techno-invasion, may require a higher em-
ployee effort to concentrate on working activities rather than domestic ones, conse-
quently manifesting significant effects on individual wellbeing. Moreover, techno-
complexity seems to significantly affect the cognitive resources of the workers. This 
result is not surprising since the tendency of workers to spend time and effort in learning 
and understanding complex ICT, as well the prolonged hours spent in understanding 
something considered out of their capabilities, may induce employees to be mentally 
strained. Finally, since techno-overload positively influences the affective strain, it can 
be safe to assume that the negative feelings raised by working faster and longer may 
increase pressure on employees. If not properly managed, this pressure might be trans-
lated into high arousal and displeasure, introducing the employee to a condition of anx-
iety, ultimately impacting his/her performance.  

Even if we proved that affective strain negatively influences individual work perfor-
mance (underlining the importance of a positive state of mind in approaching job-re-
lated tasks), no significant relations between affective strain and work engagement have 
been found. This result is unexpected since the definition of engagement includes an 
emotional component, too [25]. Further studies may focus on this relationship, consid-
ering the impact of individual inhibitors (e.g., mindfulness) on secondary appraisal pro-
cess. The significance of cognitive strain is underlined by its effects on both work en-
gagement and individual work performance, confirming the implication of the atten-
tional dimension on job performance. Even if this result is not new to traditional work-
ing literature, few studies addressed the topic in remote working research. Since other 
seminal papers in stress coping research state that the ability to effectively cope with 
an external stressor is determined by a specific cognitive appraisal process [43], it may 
be possible that cognitive burnout caused by techno-stressors could influence the indi-
vidual's attitude toward the negative stimulus' extent, creating negative feedback loops.  

The present study raises several relevant implications for academicians, practition-
ers, and policymakers. First and foremost, it contributes to extant literature concerning 
technostress in remote working settings by highlighting how specific techno-stressors 
influence work engagement and job performance. Moreover, it emphasises the mediat-
ing effect of individual psychological responses both from a cognitive and affective 
viewpoint, providing a three-step framework that can be adopted in future research. 
These findings are in line with previous literature in psychology about reasoned-action 
approach, stating that attitudes toward technology are based on a person’s beliefs about 
that topic and those beliefs - cognitive and affective - can influence their behaviour 
[44]. Under this light, our results suggest that the adoption of remote working practices 
may influence users’ attitude towards the technological facility, affecting employees’ 
behaviour and the organisation’s results.  
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Second, extant literature suggests practitioners to exploit three levels of action to 
contrast the loss of individual performance caused by techno-stressors: (i) primary in-
terventions (acting on the factor creating stress), (ii) secondary interventions (influenc-
ing the individual's coping response to such conditions), and (iii) tertiary interventions 
(namely leveraging on the outcomes that the individual experiences) [4]. To reduce the 
impact of techno-stressors at its source, our study suggests minimising the negative 
effect of techno-overload, invasion, and complexity. For instance, managers may em-
ploy workers' task load reduction in order to improve job performance in the long term 
and to working environment redesign with the aim to reduce ICT-related complexity.  

Regarding secondary interventions, managers should correctly identify efficient in-
hibitors to reduce technostress impact on the individual strain. A consistent literature 
stream has already investigated the elements that can reduce strain caused by tech-
nostress in “offline” contexts, but these inhibitors may demonstrate less efficacy in the 
domestic environment because of the context-specificity of technostress. Hence, we 
suggest practitioners to focus on those inhibitors that are more concentrated on individ-
uals rather than organisations. Given the importance of affective strain in the tech-
nostress process, mindfulness [45] may lead employees to increase their capacity for 
objectivity in relation to an internal or external experience, reducing, in turn, negative 
thoughts and feelings like anxiety and worry. For these reasons, we suggest practition-
ers to find effective ways to foster mindfulness practices among employees, such as 
meditation routines and stress reduction programs during working hours. 

Finally, our results suggest leveraging both affective and cognitive components to 
monitor employees' psychological strain conditions. Indeed, affective comput-
ers equipped with cameras, microphones, and sensors may recognise physiological 
components of emotions. Moreover, monitoring individual real-time performance such 
as time of task accomplishment and quality of the work produced may contribute to 
indirectly assessment of mental fatigue and exhaustion. Then, the measure of these two 
dimensions may result in the deduction of a real-time individual psychological condi-
tion allowing the determination of real-time adaptive responses. For instance, after 
identifying an increasing worker's strain condition, the computer can interact with the 
user, suggesting quick breaks or providing encouraging feedback or advice. In this re-
gard, wearable devices may offer a twofold contribution since they can measure many 
physiological responses over time and they can draw user's attention through haptic or 
sound notifications, creating positive feedback loops to enhance individual wellbeing 
[46]. 

This study proposes interesting outcomes for policymakers too. Indeed, given the 
significant effect of working conditions on individual psychological health, govern-
ments should regulate on working time and workload of employees adopting remote-
working practices. For example, considering the influential effect of techno-invasion, 
it may be beneficial in terms of workers' wellbeing to consolidate the debate on the 
right to disconnect, by guaranteeing a clear, juridical distinction between private and 
professional life.  
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6 Limitations and Future Research 

The discussed results might be subjected to some limitations. First, work performance 
has been measured with a validated scale reflecting respondents’ perception of their 
performance while working at home, thus not considering independent assessments 
made by peers or supervisors. Hence, employees' perceptions and supervisors’ valua-
tion might differ. Furthermore, even if the pandemic has provided a unique chance to 
conduct the present study during the highest pick of work-from-home adoption, it may 
have had consequences on individuals’ work and stress processes. Indeed, the emo-
tional distress directly related to the emergency situation has not been investigated sep-
arately in the study. Finally, since some studies have theorised that stressors may lead 
to positive outcomes at the individual and organisational level [47], future investiga-
tions may adopt our framework to evaluate how positive stress (namely, eustress) may 
enhance specific job performance by investigating the possible mediator positive effect 
of affective and cognitive strain. 

 

 

 

 
 
 
 



12 

Appendix 

Table 1. List of all items employed in the survey 

Table 2. Descriptive statistics, reliability, and validity measures for the model constructs 

 

Construct Indicator Item 

Techno-Overload 
(Molino et al., 2020) 

TO1 I am forced by this technology to work much faster. 
TO2 I am forced by this technology to do more work than I can handle. 
TO3 I am forced by this technology to work with very tight time schedules. 

Techno-Invasion 
(Molino et al., 2020) 

TI1 I spend less time with my family due to this technology. 

TI2 I have to be in touch with my work even during my vacation and weekend time 
due to this technology. 

TI3 I feel my personal life is being invaded by this technology. 

Techno-Complexity 
(Molino et al., 2020) 

TC1 I do not know enough about this technology to handle my job satisfactorily. 
TC2 I need a long time to understand and use new technologies. 
TC3 I do not find enough time to study and upgrade my technology skills. 
TC4 I often find it too complex for me to understand and use new technologies. 

Affective Strain 
(Pejtersen et al., 2010) 

AS1 How often have you had problems relaxing?  
AS2 How often have you been irritable? 
AS3 How often have you been tense?  
AS4 How often have you been stressed?  

Cognitive strain 
(Pejtersen et al., 2010) 

CS1 How often have you had problems concentrating?  
CS2 How often have you found it difficult to think clearly?  
CS3 How often have you had difficulty in taking decisions?  
CS4 How often have you had difficulty with remembering? 

Work Performance 
(Koopmans et al., 2012) 

WP1 I managed to plan my work so that it was done on time. 
WP2 I was able to separate main issues from side issues at work. 
WP3 I was able to perform my work well with minimal time and effort.  

Work Engagement 
(Seppälä et al., 2009) 

WE1 At my work, I feel bursting with energy.  
WE1 At my job, I feel strong and vigorous. 
WE3 When I get up in the morning, I feel like going to work. 
WE4 I am enthusiastic about my job. 
WE5 My job inspires me. 
WE6 I am proud on the work that I do.  
WE7 I feel happy when I am working intensely.  

Construct Estimates Indicators Final Model 
 Cronbach a rho_A CR AVE  Loadings Mean Std. Dev. 

Techno- 
Overload 0.861 0.863 0.915 0.783 

TO1 0.870 3.289 1.761 
TO2 0.884 3.689 1.930 
TO3 0.900 3.363 1.810 

Techno- 
Invasion 0.729 0.754 0.846 0.649 

TI1 0.709 3.363 1.810 
TI2 0.854 3.807 2.053 
TI3 0.845 4.222 1.984 

Techno- 
Complexity 

0.856 
 

0.885 
 

0.902 
 

0.699 
 

TC1 0.766 2.156 1.414 
TC2 0.916 2.156 1.530 
TC3 0.749 2.822 1.634 
TC4 0.901 2.074 1.449 

Affective 
Strain 0.921 0.925 0.944 0.809 

AS1 0.895 4.037 1.641 
AS2 0.874 3.933 1.441 
AS3 0.916 4.119 1.502 
AS4 0.912 4.237 1.551 

Cognitive 
Strain 0.781 0.786 0.859 0.604 

CS1 0.810 3.622 1.520 
CS2 0.761 2.785 1.307 
CS3 0.728 2.896 1.378 
CS4 0.807 2.733 1.339 

Work  
Performance 0.709 0.716 0.837 0.631 

WP1 0.789 3.844 1.365 
WP2 0.821 3.756 1.438 
WP3 0.771 3.800 1.505 

Work  
Engagement 0.905 0.948 0.923 0.632 

WE1 0.813 4.296 1.388 
WE1 0.816 4.074 1.364 
WE3 0.814 4.585 1.230 
WE4 0.828 4.037 1.374 
WE5 0.765 5.281 1.331 
WE6 0.763 4.578 1.368 

     WE7 0.762 3.978 1.432 
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